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Image classification technology based on inception V3
WANG-Yi ni -
(Chongqing Business Vocational College ,Chongqing 401331, China)

Abstract: In order to realize the classification and recognition of object state, the Inception V3 module
on the basis of Googl.eNet is optimized Using Tanh as the activation function and RMSprop, the SGD
optimizer improves the accuracy of the model. Firstly, using cubic convolution interpolation, GAN
preprocesses the image set. Then, the Inception is used to train the image. Finally, the SGD optimizer
is combined with RMSprop to optimize the model. Experiments on the images of 20 cooking objects
using the model proposed in this paper show that the optimized Inception V3 model can classify the
state of these images with 71.5% accuracy. Compared with the comparison algorithm, the classifica-
tion accuracy and training loss are obviously improved, which can meet the requirements of reliability
and stability of image classification.

Key words: feature extraction; image recognition; convolutional neural network; model training
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Fig.1 Model architecture presented in this paper
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